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Motivation Class relations form bipartite graph Results
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FALCON discovers fine-grained classes and infers class relations
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Train fine-grained classifier, given class relations. Ilnfer from fine predictions. by inferring dataset-specific class relations.
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(i) coarse supervision from the available labels O NS \
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(i) consistent predictions for neighboring samples Regularized bipartite matching D, N/2 T, 478 344 566 38.7

(ii) confident sample assignments to fine-grained classes problem!
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